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Form AR 140 
 

The Hong Kong Polytechnic University 
 

Subject Description Form 
 
Please read the notes at the end of the table carefully before completing the form. 
 

Subject Code ENGL4026 

Subject Title Language and social data analytics 

Credit Value 3 

Level 4 

Pre-requisite/ 
Co-requisite/ 
Exclusion 

N.A. 

Objectives 
 

Digital data like social media, news archives, and various kinds of 
sentiments, trends and demographics pervade our world. They 
often seem messy and unstructured but play an increasingly 
important role in the media, marketing, and education industries 
in today’s digital economy. With appropriate analytical 
approaches, they can provide key insights into human behavior 
and optimize professional decision-making. 
Building upon their primary competencies like critical thinking 
and communication, this subject teaches future professionals in 
linguistic and social contexts how to derive and communicate 
insights from such data. Students will learn how to use the Python 
programming language to implement analytic techniques based on 
basic statistics and machine learning. Ethical issues arising from 
the rapid growth of the digital economy will also be critically 
discussed. No background in programming, data analytics, or 
statistics is assumed. 
The subject adopts a thematic and problem-based approach to 
meet the following objectives. 
1.Introduce basic data analytic techniques and their 
implementation in Python 
2.Train students to collect, analyze, interpret, and communicate 
data-driven insights for problem-solving and decision-making 
3.Raise awareness of ethical challenges faced by today’s digital 
economy 
An interactive pedagogical approach will be adopted with 
balanced assessment tasks. Classroom and independent learning 
will be supported by open-source software and other online 
resources. 
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Intended Learning 
Outcomes 
(Note 1) 

Upon completion of the subject, students will be able to: 
Category A: Professional/academic knowledge and skills 
a. Understand basic data analytic techniques 
b. Collect and analyze data in linguistic and social contexts with 
self-written programming code 
c. Communicate data analytic insights to the general public and 
professional audiences 
Category B: Attributes for all-roundedness  
d. Appreciate the growing importance and relevance of machine-
assisted data analysis in linguistic and social contexts 
e. Weigh the benefits and potential pitfalls of data analytics along 
practical and ethical dimensions 
 

Subject Synopsis/ 
Indicative Syllabus 
(Note 2)  

Introduction 
• Contemporary data in linguistic and social contexts 
• The nature and scope of data analytics  
• Programming languages 

 
Data management, visualization, and communication 

• Data collection from online sources 
• Spreadsheets and dataframes 
• Visualizing patterns and relationships in data 

 
Data analytics #1: Working with numbers 

• The general(ized) linear model 
o linear regression  
o logistic regression 

• Prediction, classification, and clustering 
 
Data analytics #2: Working with words 

• Natural Language Processing and text analytics 
• Document classification 
• Sentiment analysis 
• Topic modelling 

 
Data ethics: a critical perspective 

• Privacy, discrimination, and social inequalities  
 

Teaching/Learning 
Methodology  
(Note 3) 

Each weekly session will combine lecture and seminar activities. 
 
During lecture activities, the instructor will impart concepts and 
facilitate class activities. This will be the main channel for 
transmitting professional and academic knowledge (ILO a, b, e).  
 
Seminar activities are student-led. Students will work in groups to 
analyze data and present solutions to practical problems. They 
prepare students for the workplace and develop higher order 
thinking skills and life-long learning (ILO c, d, e). 
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Teaching and learning is supported by the open-source 
programming language Python and online resources. Students will 
be expected to read the prescribed materials and revise previous 
lessons before each session. 
 
There are two individual take-home assignments and an 
individualproject. The take-home assignments require conceptual 
understanding of data analytic techniques, writing basic  
programming code, and interpreting the analyses in context. The 
project requires students to  apply these techniques and 
communicate insights and solutions in simulated professional 
settings.  
 

Assessment Methods 
in Alignment with 
Intended Learning 
Outcomes 
(Note 4) 

 
Specific assessment 
methods/tasks  

% 
weighting 

Intended subject learning 
outcomes to be assessed 
(Please tick as appropriate) 

a b c d e 
1. Take-home assignment 1 35 ✓ ✓ 

 
✓ 
 
 
 

 ✓ 

2. Take-home assignment 2 35 ✓ 
 

✓ 
 
 

 
 

✓ 
 
 

✓ 

3. Individual project  30 ✓ 
 

✓ 
 

✓ 
 

✓ 
 

✓ 

Total  100 %  

The take-home assignments (35% each) require individual 
students to demonstrate the intended learning outcomes by 
combining data analytic with critical thinking and writing skills. 
The group project (30%) requires students to work in groups to 
demonstrate the same skills, with an emphasis on verbal 
communication and presentation. 

Student Study Effort 
Expected 
 

Class contact:  

 Lecture (3 hours x 13 weeks) 39 Hrs. 

Other student study effort:  

 Independent reading (3 hours x 13 weeks) 39 Hrs. 

 Independent research (2 hours x 13 weeks) 26 Hrs. 

 Assignments (2 hour x 13 weeks) 26 Hrs. 

Total student study effort  130 Hrs. 

Reading List and 
References 

Beysolow II, T. (2018). Applied Natural Language Processing with 
Python. Berkeley: Apress. 

Brookes, G., & McEnery, T. (2019). The utility of topic modelling 
for discourse studies: A critical evaluation. Discourse Studies, 
21(1), 3–21.  
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Bruce, P., Bruce, A., & Gedeck, P. (2020). Practical Statistics for 
Data Scientists: 50+ Essential Concepts Using R and Python. 
Sebastopol: O’Reilly. 

Hai-Jew, S. (Ed.). (2017). Data Analytics in Digital Humanities. 
Cham: Springer. 

Norton, P. et al. (2005). Beginning Python. Indianapolis: Wiley. 

O’Neil, C. (2016). Weapons of Math Destruction: How Big Data 
Increases Inequality and Threatens Democracy. New York: 
Crown Books. 
 
Sarkar, D. (2016). Text Analytics with Python. Cham: Springer. 
 
Tay, D. (2020). A computerized text and cluster analysis approach 
to psychotherapy talk. Language & Psychoanalysis, 9(1), 1–22. 
 
Xu, W., & Zhang, C. (2018). Sentiment, richness, authority, and 
relevance model of information sharing during social Crises—The 
case of #MH370 tweets. Computers in Human Behavior, 89, 199–
206.  

Python libraries and user guides 

• Pandas: https://pandas.pydata.org/ 
• Scikit-learn: https://scikit-learn.org/stable/ 
• Seaborn: https://seaborn.pydata.org/index.html 
• Statsmodels: www.statsmodels.org/stable/user-guide.html 
• Numpy: numpy.org/doc/stable/ 
• Scipy: https://www.scipy.org/docs.html 

Other resources 

• datacamp.com 
• kaggle.com 
• towardsdatascience.com 
 

Revised by Dennis Tay, March 2022 
 
Note 1:  Intended Learning Outcomes 
Intended learning outcomes should state what students should be able to do or attain upon subject completion. 
Subject outcomes are expected to contribute to the attainment of the overall programme outcomes.    
 
Note 2:  Subject Synopsis/Indicative Syllabus 
The syllabus should adequately address the intended learning outcomes. At the same time, overcrowding of the 
syllabus should be avoided.  
 
Note 3:  Teaching/Learning Methodology 
This section should include a brief description of the teaching and learning methods to be employed to facilitate 
learning, and a justification of how the methods are aligned with the intended learning outcomes of the subject.  
 
Note 4: Assessment Method 
This section should include the assessment method(s) to be used and its relative weighting, and indicate which of 
the subject intended learning outcomes that each method is intended to assess. It should also provide a brief 
explanation of the appropriateness of the assessment methods in assessing the intended learning outcomes. 

https://pandas.pydata.org/
https://scikit-learn.org/stable/
https://seaborn.pydata.org/index.html
http://www.statsmodels.org/stable/user-guide.html
http://www.datacamp.com/
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